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Data

Yearly Data: General Strikes

In the the paper we focus on the political events, and in the first empirical part we
concentrate on yearly general strikes as a measure of political protests across all sec-
tors. These strikes are defined as organized endeavors of active and non-active workers
to protest against economic and/or social policies. General strikes events come from the
dataset presented in Hamann et al. 2013. This data is based mainly on the European In-
dustrial Relations Review of the European Industrial Relations Observatory (EIRO) and
the European Protest and Coercion Database.1 Most recent years’ information was also
collected through the UK Labour Research Department and was checked with selected
BBC news reports. The authors shared the raw data that supplements their published
series, which in the current version ranges up to 2013. Their dataset looks at general
strikes directed at governments in their role as legislators for five major issues: pension
reform, labor law reform (rules governing centralized bargaining, dismissals and redun-
dancy, etc), wages (this includes national wage freeze, changes to the minimum wage, and
rules governing overtime pay at the national level only, not for the public sector), welfare
(social insurance reform outside of pensions) and economic policy (cuts in discretionary
spending – i.e. social services, public housing, health care – and privatization). The data
captures only the frequency, i.e. the general counts, of political strikes, because it is not
easy to find information on number of workers involved or working days lost for general
strikes as these forms of protest may also involve non-union workers, informal workers,
and de facto other non-employed people.2

For additional robustness checks, we also collected yearly data on economic strikes. These
strikes are defined as active refusal by active workers to protest against economic and/or
social conditions of work, including adjusting wages, changing benefits, and general work-
ing practices. Our proxy for economic strikes is the average number of days (as aggrega-
tion of daily shifts or hours) lost in lock outs and strikes per 1,000 employees. Our main
source for the years from 1980 to 2000 is the International Labour Organization online
database, which reports data up to 2008. For the years between 2001 and 2013, we rely
on a number of different sources, given that ILO presents lost of missing series and has
not updated the website since 2008. We use the adjusted average days not worked from
the national statistical offices from the ‘Strikes in Europe’ iconographic report produced
by the European Trade Union Institute (ETUI).

1See http://web.ku.edu/ronfran/data/.
2The authors excluded four strikes from their original collection as they did not fit in the general

theme of social policy and labor market reform that they discuss in their papers. Excluding these strikes
however does not change our main inferences.
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Monthly Data: Countries Selection

Our goal is to focus on a subset of EU countries that can provide us a good group for
‘most similar’ cases where we can observe the patterns derived from our theory. We want
to leverage the distinction between EMU and non–EMU countries to evaluate whether
this characteristic generates significant differences across strikes. At the same time, we
need high-quality information that - we realize - is not retrievable for all EU countries.

Qualitatively, we are interested in gathering information for countries that went through
the 2008 banking crisis, and that presented similar macroeconomic trends around this
event. This should automatically exclude Finland, which did not go through the crisis,
and possibly also France and Portugal, which constitute marginal crisis cases according
to Laeven and Valencia (2012).3 Countries with a too parsimonious debt before the crisis
are also excluded, since we are also interested in seeing how fiscal policy can refrain strikes
but also be constrained during the crisis. In other words, it is unclear whether we should
select countries like Ireland and Spain, which had gone through high deficit restructuring
and high growth period during the 1990s, or Sweden and Denmark, which as of 2005 had
debt to GDP ratios of 42 and 31.5 percent, respectively. Note however that we still want
to have a representative case for the non-EMU countries. It is then in our interest to at
least select the UK, which had both a rising debt and a busting banking sector around
these years.

Regarding the EMU countries, Greece is an important candidate given its relevance in
the course of the Eurocrisis. Italy matchs Greece because of the high guarantees on bank
liabilities and the significant debt levels they featured even before the crisis. Spain was
also one of the critical countries in the midst of the Eurocrisis, and similarly to Ireland
went through a period of high economic growth while still maintaining an average level
of yearly unemployment above 10 percent. Finally, Germany matches the UK on general
banking status and inflation records, despite being an EMU member.

Of course, these are different other pairs that may be worth examining in the context of
the EU15. For example, Austria, Belgium and the Netherlands are also interestingly sim-
ilar countries with comparable economic sizes, mid-range deficits (especially Austria and
the Netherlands), and all went through the 2008 crisis. Despite these evident similarities
that could enrich our inferences on the Eurocrisis, we decided to restrict the monthly
strike data selection to Germany, Greece, Ireland, Italy, Spain, and the United Kingdom.
This is in part due to the fact that in the process of data collection we realized that we
could not access enough news on these countries to not bias our estimations. Moreover,
it was a compelling decision based on a quantitative selection of cases. We followed the
causal inference research that attempts to study observational data as if at random. In
other words, we quantitatively constructed a subsample of our dataset in which the coun-
tries vary meaningfully on key variables of interest (e.g. fiscal and monetary policies) but
are similar in all other ways. Nielsen 2014 has proposed a parametric model to estimate
causal quantities of interest in a pre-matched sample. Matching is a technique that helps
create samples of units that are ‘close’ to each other in a dimensional space defined by a
set of covariates. More specifically, Nielsen’s method finds the closest possible matched
pairs in terms of specified covariates. We use this algorithm because it allows us to gen-
erate matches without the need to specify a ‘treatment’ variable. In sum, the method

3Laeven and Valencia argue that for France and Portugal, the funds allocated for bank restructuring
purposes were not used, so it is unclear how much they were needed.
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maximizes the variance in countries of interest while ignoring the outcome variable.

We identifies the most similar cases based on a generalized pairwise distance called the
Mahalanobis distance. This distance is calculated for the EU15 countries between 1980
and 2013 after selecting certain particular cases that the software requires to start the
matching. Given our qualitative reasoning, we selected Greece, Spain, Ireland and – sep-
arately – the United Kingdom. We run the algorithm conditioning on five co-variates:
debt to GDP ratio, banking crisis, inflation rate, unemployment, and ideology of the rul-
ing government. Table A.1 shows the first matched pairs in order of match quality, which
provide further support to our case selection. Clearly Italy is a good match for Greece,
and we can use it to understand the different dynamics that led Greece to loan from the
IMF while Italy did not. Ireland seems to constitute a whole different case, despite the
heavy impact of the crisis: according to the matching calculations, it is comparable to a
non–EMU country like Denmark. While we would have liked to code data for Denmark,
we realized that it was hard to find Danish political strikes data at the monthly level,
and that generally the country provides too little empirical variation. However, we still
include Ireland in our subsample because it would allow us to possibly understand a
counterfactual, i.e. a case that almost works as a non-EMU despite being in the Euro.
Spain matches the Netherlands, which means that we can keep either for the sake of our
empirical tests. Note also that our intuition that Germany and the UK would match
each other is confirmed, so we collected data for those two countries as well.

Mahalanobis Unit Debt to GDP Government Banking crisis Unemployment Inflation

distances matched (%) Ideology onset rate rate

0.004 Greece 89.56 4 1 8.88 10.52

Italy 101.88 3 1 9.81 5.55

0.056 Ireland 68.08 2 1 10.83 4.54

Denmark 54.95 2 1 6.95 3.54

0.066 Spain 49.52 4 1 16.66 5.58

Netherlands 62.66 2 1 6.35 2.36

0.005 Germany 54.64 2 1 7.585 1.92

UK 53.14 3 1 7.730 2.75

Table A.1: The best matched pairs to pre-identified EU members, based on Mahalanobis
distance calculated on the variables in the table with Nielsen’s (2014) case-match algo-
rithm. The cases that we ultimately selected for data collection are in bold. Figures on the
co-variates are average values for the period 1980-2013 except for government ideology
and banking crisis, which are at the median. Results based on 94830 possible matches.
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Monthly Data: Political Protests

In the second part of the paper we concentrate on political events at the monthly level for
which we could find enough information in broad interest English–speaking newspapers.
Our countries of interest are Germany, Greece, Ireland, Italy, Spain and the United
Kingdom (see case selection above).

We collected monthly data for political protests from all newspaper reports stored in the
online archives of the New York Times and The British Broadcasting Company and dated
between 2001 and 2013. The collection was computer–facilitated. We first performed a
key-search of the archives of each of the two newspaper websites, using relevant com-
pound words (“protest”, “strike”, “mobilization”, “industrial action”, “demonstration”,
combined with “EU ” and the name of each of the six countries, e.g. “Germany”).4 We
then generated urls specific to the lists that corresponded to the chronological list of dis-
played articles. We used a Python script to extract the content of each that extracted each
parse HTML file corresponding to each electronic article page (i.e. the article ‘body’).
Then we extracted all the paragraphs of the HTML tag starting at the root of each arti-
cle (in Python language, ‘p’), clean them from spaces and collapsed into one-string files.5

We collected roughly 380 newspaper articles released between 01 January 2001 and 31
December 2013.

More than 50 percent of the collected newspaper articles were discarded, because they did
not centrally focus on the politics or economics of protests (e.g. strikes on the US with
broad reference to movements in Europe). Moreover, of the remaining articles we removed
the opinion eds and commentary notes that did not actually report factual information
on strike events. Finally, we only selected articles that focused on large national events,
and not events that were recorded only for one city (e.g. London). These decisions led us
to focus on events reported in 142 singular newspaper articles. Breaking down the articles
by events in each of our six country, we have 21 articles on Germany, 29 on Greece, 18
on Ireland, 29 on Italy, 23 on Spain and 22 on the United Kingdom.

We coded a variety of information from the articles. We recorded the date of the report,
the date in which the protest(s) took place, as well as the date in which – according to
the reporter – it was announced. Since our data is aggregated at the month level but it is
possible that several protests are reported, announced or evolving on the same month, we
also record these additional information. Some articles also note whether the event had a
time line and how many days it would take, so we coded the amount of days if included.
Similarly, some articles indicate the (often approximate) number of people involved in
the protest, which we tracked throughout the coding exercise.6

Finally, in an additional variable we distinguish whether the identified events into eco-
nomic strikes and political protests. The former is intended as active refusals by employees
to work under the conditions required by employers, and arise principally in response to
economic conditions (e.g. deterioration of wages and work benefits) and labor practices.
Political protests instead refer to stoppages and protests by a substantial proportion of
active and non-active workers in the endeavour to achieve political objectives. These

4We limited the search to the years from January 2001 to May 2014, although we then truncated the
coding to 2013.

5We use the Python package BeautifulSoup to scrape the content of the links. For some articles that
resulted in invalid links we manually cut and pasted the content.

6If it was reported that ‘thousands’ of people strike, we coded this with a number of 1000).
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involve more directly public activities and services (e.g. shutting down public trans-
portation, hospitals, and other public utilities, and can also include general strikes).

Monthly Data: ECB Announcements

Our monthly data for announcements of EU institutions is based on press news releases
by supranational institutions in charge of EU affairs. In particular, we concentrate on the
press releases of the European Central Bank (ECB). The ECB has released notes and an-
nouncement to the press since its establishment in 1999. These are available on the ECB
website, and are categorized into topics. We concentrate on the press releases assigned
to the topic ‘Financial Stability.’ The ECB press releases sum up to 78 announcements
distributed across 45 months. These are all generally relevant for the purpose of our
analysis, especially because the ECB itself categorizes them as ‘relevant’ information on
financial stability. So, we rely on all the press releases in our investigation.

We additionally collected reports from the the European Council (EC) Newsroom and the
European Monetary and Economic Affairs Commissioner’s Speeches between 2001 and
2013. Regarding the EC press releases, these are available since 1958 on the Press Release
database at www.europa.eu. We key-searched releases and announcements that included
the words ‘Fiscal Stability’, ‘Fiscal Agreement’, ‘Fiscal Pact’, and ‘Fiscal Growth’. We
cross-checked the outcome files with statements and news released by the Eurozone Portal
of the EC. However, since the EC news releases are rather heterogenous and do not stick
to one style (some are more opinion–based, some are not) we only relied on these news
as additional empirical material.

The dates of the ECB press releases we analyze in this paper are available here: https:
//www.ecb.europa.eu/press/pr/activities/prud/html/index.en.html.

5



Robustness Tests: Yearly Data

Unit Root Tests

Fisher-type unit-root test for multiple panels

Phillips-Perron tests

Variable P> |t|

General Strikes 0.00

Banking Crisis 0.00

Debt to GDP 0.99

Ho: All panels contain unit roots

Ha: At least one panel is stationary
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Phillips-Perron unit-root test for single panels

Subsample: MacKinnon t-test

Country P> |t|

General Strikes

Austria 0.00

Belgium 0.00

France 0.00

Finland 1.00

Germany 1.00

Greece 0.03

Ireland 1.00

Italy 0.07

Netherlands 0.00

Portugal 0.01

Spain 0.00
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Ordered Logit Error Correction Model Estimations

Dependent variable: General Strikes δ

All countries EMU countries EMU countries

1980-2013 1995-2013 1995-2013

(1) (2) (3)

General Strikes t−1 -3.87*** -3.10*** -3.14***

(1.06) (0.61) (0.60)

Banking Crisis t−2 0.37 1.76** 1.81**

(0.38) (0.74) (0.77)

Banking Crisis δt−2 -0.27 -0.70 -2.35

(0.22) (0.50) (1.66)

Debt t−1 0.026*** 0.034*** 0.034***

(0.007) (0.007) (0.007)

Debt δ 0.051*** 0.10*** 0.10***

(0.018) (0.031) (0.035)

Banking crisis δt−2 X 0.024

Debt t−1 (0.029)

Inflation Rate t−1 0.086* 0.53*** 0.55***

(0.047) (0.10) (0.082)

Inflation Rate δ 0.27*** 0.61*** 0.60***

(0.063) (0.23) (0.23)

Gov’t Ideology t−1 -0.003 -0.25** -0.25**

(0.12) (0.098) (0.099)

Gov’t Ideology δ -0.39*** -0.45* -0.44

(0.14) (0.27) (0.27)

N 405 179 179

Countries 15 12 12

Pseudo R2 0.26 0.25 0.25

Table A.2: Crises, General Strikes and Fiscal Policy: Error Correction Ordered Logistic
Models. Dependent variable is Change in General Strikes. Standard errors clustered on
country in parentheses. ∗ p < .1, ∗∗ p < .05, ∗∗∗ p < .01.
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Fixed Effects OLS Model

Dependent variables: General strikes

EMU countries

1995–2013

Banking crisis δt−2 -0.28

(0.18)

Debt t−1 0.011

(0.007)

Banking crisis δt−2 X 0.004

Debt t−1 (0.002)

Inflation rate t−1 0.013

(0.065)

Government ideology t−1 -0.085**

(0.036)

Constant -0.26

(0.59)

N 179

Countries 12

Fixed Effects yes

Within R2 0.25

Overall R2 0.52

Table A.3: Crises, General Strikes and Fiscal Policy: Fixed Effect OLS Models. Mod-
els without autoregressive control. Dependent variables are General Strikes. All lagged
variables are measured with one year lag. Standard errors clustered on country in paren-
theses. Country and time fixed effects not reported. ∗ p < .1, ∗∗ p < .05, ∗∗∗ p < .01.
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Dichotomous Debt Variable

Dependent variable: General Strikes δ

All countries EMU

1980-2013 1995-2013

General Strikes t−1 -0.64*** -0.58***

(0.069) (0.13)

Banking Crisis t−2 0.26 0.84*

(0.22) (0.46)

Banking Crisis δt−2 -0.092 -0.31*

(0.072) (0.17)

Debt High t−1 0.35** 0.50**

(0.15) (0.22)

Debt High δ 0.16 0.076

(0.13) (0.35)

Banking crisis δt−2 X Debt High t−1 0.38

(0.34)

Inflation Rate t−1 0.024 0.11**

(0.017) (0.057)

Inflation Rate δ 0.078 0.12

(0.048) (0.096)

Gov’t Ideology t−1 -0.005 -0.040

(0.019) (0.033)

Gov’t Ideology δ -0.068** 0.014

(0.027) (0.091)

Constant -0.008 -0.125

(0.081) (0.114)

N 414 179

Countries 15 12

Within R2 0.36 0.37

Overall R2 0.27 0.30

Table A.4: Crises, General Strikes and High Debt. Error Correction OLS models. De-
pendent variables are Change in General Strikes. Standard errors clustered on country
in parentheses. ∗ p < .1, ∗∗ p < .05, ∗∗∗ p < .01.
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Pre- and Post 1999 Period

Dependent variable: General Strikes δ

All countries EMU

1980-1999 1999-2013

General Strikes t−1 -0.89*** -0.59***

(0.070) (0.092)

Banking Crisis t−2 -0.039 0.85*

(0.062) (0.49)

Banking Crisis δt−2 -0.007 -0.56**

(0.050) (0.28)

Debt t−1 0.003*** 0.009*

(0.002) (0.003)

Debt δ 0.013*** 0.029**

(0.004) (0.014)

Banking crisis δt−2 X 0.005

Debt t−1 (0.005)

Inflation Rate t−1 0.030 0.19**

(0.021) (0.086)

Inflation Rate δ 0.082* 0.19*

(0.041) (0.10)

Gov’t Ideology t−1 0.032* -0.056

(0.018) (0.035)

Gov’t Ideology δ -0.073 0.017

(0.068) (0.12)

Constant -0.27 -0.73*

(0.15) (0.38)

N 242 132

Countries 15 12

Within R2 0.56 0.41

Overall R2 0.47 0.34

Table A.5: Crises, General Strikes and Fiscal Policy: Post- and pre-1999. Error Correc-
tion OLS models. Dependent variables are Change in General Strikes. Standard errors
clustered on country in parentheses. ∗ p < .1, ∗∗ p < .05, ∗∗∗ p < .01.

11



Union Characteristics

Dependent variable: General Strikes δ

All countries EMU

1980-2013 1995-2013

General Strikes t−1 -0.71*** -0.58***

(0.077) (0.086)

Banking Crisis t−2 0.10 0.34

(0.14) (0.32)

Banking Crisis δt−2 -0.032 -0.55*

(0.044) (0.27)

Debt t−1 0.005** 0.006***

(0.002) (0.002)

Debt δ 0.008* 0.015**

(0.004) (0.007)

Banking crisis δt−2 X 0.007

Debt t−1 (0.004)

Union Density t−1 -0.004*** -0.003

(0.001) (0.002)

Union Density δ 0.029** -0.013

(0.014) (0.027)

Inflation Rate t−1 0.025 0.087***

(0.017) (0.031)

Inflation Rate δ 0.069** 0.093**

(0.033) (0.042)

Gov’t Ideology t−1 -0.015 -0.046

(0.019) (0.030)

Gov’t Ideology δ -0.12** -0.12**

(0.053) (0.056)

Constant 0.003 -0.19

(0.12) (0.16)

N 401 175

Countries 15 12

Within R2 0.43 0.36

Overall R2 0.35 0.30

Table A.6: Crises, General Strikes and Fiscal Policy: Union Characteristics. Error
Correction OLS models. Dependent variables are Change in General Strikes. Standard
errors clustered on country in parentheses.
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Greece Excluded

Dependent variables: General Strikes δ

EMU w/o Greece 1980-2013

General Strike t−1 -0.71***

(0.15)

Banking Crisis t−2 0.18

(0.21)

Banking Crisis δt−2 -0.31

(0.22)

Debt t−1 0.002***

(0.001)

Debt δ 0.010*

(0.005)

Banking crisis δt−2 X 0.005

Debt t−1 (0.003)

Inflation Rate t−1 0.001

(0.005)

Inflation Rate δ 0.033**

(0.015)

Gov’t Ideology t−1 -0.017

(0.025)

Gov’t Ideology δ -0.071**

(0.037)

Constant -0.019

(0.078)

N 301

Countries 11

Within R2 0.36

Overall R2 0.30

Table A.7: Crises, General Strikes and Fiscal Policy: Greece Excluded. Error Correc-
tion OLS models. Dependent variables are Change in Political Strikes. Standard errors
clustered on country in parentheses.
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Economic Strikes

Dependent variable: Economic Strikes δ

All countries EMU countries Non-EMU countries

1980-2013 1995-2013 1995-2013

(1) (2) (3)

Economic Strikes t−1 -0.78*** -0.84*** -1.21***

(0.080) (0.073) (0.11)

Banking Crisis t−2 0.024 -0.080 0.25

(0.083) (0.18) (0.34)

Banking Crisis δt−2 -0.072 -0.038 0.85

(0.085) (0.27) (0.64)

Debt t−1 0.001 0.001 0.010***

(0.001) (0.001) (0.002)

Debt δ 0.005 0.006 -0.022

(0.004) (0.004) (0.018)

Banking crisis δt−2 X -0.002 -0.018*

Debt t−1 (0.004) (0.010)

Inflation Rate t−1 0.024*** -0.050*** 0.093***

(0.007) (0.013) (0.033)

Inflation Rate δ 0.004 -0.012 0.085**

(0.015) (0.042) (0.035)

Gov’t Ideology t−1 0.003 0.033** 0.027***

(0.018) (0.016) (0.002)

Gov’t Ideology δ 0.042* 0.001 0.016

(0.023) (0.057) (0.077)

Contant 0.95*** 1.00*** 0.67***

(0.14) (0.14) (0.13)

N 343 145 57

Countries 14 11 3

Within R2 0.42 0.49 0.64

Overall R2 0.40 0.46 0.64

Table A.8: Crises, Economic Strikes and Fiscal Policy. Error correction OLS models.
Dependent variable is Change in Economic Strikes. Standard errors clustered on country
in parentheses. ∗ p < .1, ∗∗ p < .05, ∗∗∗ p < .01.
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Robustness Tests: Monthly Data

Unit Root Tests

Fisher-type unit-root test for multiple panels

Phillips-Perron tests

Variable P> |t|

Political Strikes 0.00

Economic Strikes 0.00

ECB Deposit Rate 0.32

Unemployment 0.98

Ho: All panels contain unit roots

Ha: At least one panel is stationary
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Fixed Effects OLS Model

Dependent variable: Political Protests

All countries EMU countries

Jan 2008 - Dec 2013 Jan 2008 - Dec 2013

(1) (2)

ECB Press Release t−1 0.020 0.005

(0.024) (0.024)

ECB Deposit Rate t−1 0.008 0.009

(0.020) (0.020)

ECB Deposit Rate t−1 X -0.050** -0.059**

ECB Press Release t−1 (0.022) (0.026)

Unemployment t−1 0.007*** 0.005*

(0.002) (0.003)

Inflation t−1 0.005 0.002

(0.010) (0.012)

Gov’t party t−1 0.010 0.020

(0.024) (0.017)

Constant -0.047*** -0.054***

(0.011) (0.010)

N 384 320

Countries 6 5

Fixed Effects yes yes

Within R2 0.02 0.02

Overall R2 0.09 0.09

Table A.9: Interaction of Deposit Rate and Press Releases: Fixed Effects OLS models.
Data aggregated at the monthly level. Dependent variables are Political Strikes for all
the six countries and only the five EMU countries, respectively. Standard errors clustered
on country in parentheses. ∗ p < .1, ∗∗ p < .05, ∗∗∗ p < .01.
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Greece and Germany Excluded

Dependent variable: Political Protests δ

EMU without Germany and Greece

2001- 2013 2008-2013

Political Protests t−1 -0.93∗∗∗ -0.96∗∗∗

(0.13) (0.13)

ECB Deposit Rate t−1 -0.020∗∗∗ -0.023∗∗

(0.006) (0.010)

ECB Deposit Rate δ 0.079∗∗∗ 0.103∗∗∗

(0.012) (0.031)

ECB Press Release t−1 0.007 0.048∗∗∗

(0.035) (0.017)

ECB Press Release δ -0.018 -0.015

(0.027) (0.010)

ECB Deposit Rate t−1 X -0.018∗∗∗ -0.065∗∗∗

ECB Press Release t−1 (0.005) (0.024)

ECB Deposit Rate δ X -0.032 0.014

ECB Press Release δ (0.030) (0.069)

Unemployment t−1 0.004∗∗∗ 0.002∗∗∗

(0.001) (0.001)

Unemployment δ 0.12∗∗∗ 0.13∗∗∗

(0.005) (0.025)

Inflation t−1 0.034∗ 0.023

(0.019) (0.032)

Inflation δ 0.030∗∗ 0.034

(0.013) (0.021)

Gov’t party t−1 0.003 0.011

(0.010) (0.007)

Gov’t party δ -0.019 0.13∗∗∗

(0.015) (0.035)

Constant 0.038 0.034

(0.053) (0.021)

N 465 192

Countries 3 3

Overall R2 0.49 0.51

Table A.10: Crisis, ECB Deposit and Strikes: UK, Germany and Greece Excluded. Error
correction OLS models. Data aggregated at the monthly level. Dependent variables are
Change in Political Strikes for all the six selected countries. All lagged variables are
measured with a one month lag. Standard errors clustered on country in parentheses. ∗

p < .1, ∗∗ p < .05, ∗∗∗ p < .01. 17


