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Abstract

Dozens of governments across the developing world have adopted or are actively con-
sidering a variety of carbon pricing policies, but why policymakers prefer some policy
designs over others remains uncertain. We argue that expert assessments of carbon
pricing primarily center on economic efficiency and distributional concerns, which in
turn influence perceptions of technical efficacy and political feasibility. Leveraging a
unique conjoint experiment with carbon pricing experts in developing countries, we
examine how aspects of policy design influence effectiveness and feasibility, as well as
how experts weigh these factors against each other. Design choices that alter the costs
and benefits of carbon pricing affect perceptions of the policy’s effectiveness and feasi-
bility, often in opposing directions. Experts are split over which goal is more important
overall, preferring political feasibility when distributing costs but weighing effectiveness
and feasibility similarly when distributing benefits. Our findings highlight the challenge
of balancing the ambition and political risk of pricing carbon in a developing country
context.
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Introduction

The highest-profile climate policy is carbon pricing, which has dominated much of the dis-

course on climate change over the past several decades. Directly pricing carbon emissions

is potentially cost-effective, compatible with many other forms of climate action, and can

be adapted to a wide range of economic contexts.1 However, carbon pricing also poses po-

litical challenges. Foremost among these is the difficulty of securing support from various

political constituencies. Like other long-term policies (Jacobs 2016), carbon pricing imposes

certain and concentrated present costs (both political and economic) to generate diffuse and

uncertain future benefits. The distributional implications of raising and allocating carbon

pricing revenues can also pose a challenge, especially when stakeholders disagree over how

to use those proceeds (Stevens 2022). Moreover, carbon pricing only induces meaningful

climate change mitigation if it remains sufficiently stringent through periods of economic

and political volatility.2

To date, research on the political economy of carbon pricing has paid relatively little

attention to developing countries. An unfamiliar observer might attribute this disparity to

low interest among developing countries in pricing carbon. Most developing countries have

contributed little to cumulative global emissions, so government leaders may feel less nor-

mative pressure to price emissions (Toerstad and Saelen 2018). Moreover, unstable political

or economic conditions can threaten the institutional resources, capacity, and expertise re-

quired for carbon pricing to be a viable policy instrument (Thisted and Thisted 2020; Levi,

Flachsland, and Jakob 2020; Linsenmeier, Mohommad, and Schwerhoff 2023).3 Yet, at the

same time, policymakers have become increasingly attentive to the policy’s potential climate,

1 Nordhaus (1994), Stavins (1997), and High-Level Commission on Carbon Prices (2017)

2 Finnegan (2022), Martinez-Alvarez et al. (2022), and Patterson (2023)

3 Global South countries also contend with challenges relating to regulatory certainty, monitoring, and
finance that affect the implementation of carbon pricing. For further consideration of the broader political
economy of carbon pricing in the Global South, we refer readers to World Bank (2024).
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technology, fiscal, and reputational benefits (World Bank 2024; Mercer-Blackman, Milivoje-

vic, and Mylonas 2023). As of 2024, more than fifteen developing countries have adopted

carbon pricing, and still more are actively considering adopting carbon pricing (Figure 1).

How does carbon pricing gain meaningful political support? One key strategy is to

shape narratives about the consequences of carbon pricing. The policy tends to attract

greater support when it is expected to effectively reduce emissions and strengthen investment

in renewable energy without negatively affecting household finances or disproportionately

burdening the poor.4

We extend this literature by studying how carbon pricing experts (individuals who have

directly worked on carbon pricing) across developing countries form expectations and pref-

erences about a range of carbon pricing policy designs. Studying this difficult-to-reach pop-

ulation offers insight into the policy’s supply-side logic, opening a window into the implicit

strategic thinking of carbon pricing practitioners. Policy experts may differ from academics

(e.g., Nesje, Schmidt, and Drupp 2023) and the public (e.g., Mildenberger et al. 2022; Deche-

zleprêtre et al. 2022)in their understanding of a policy’s technical and political implications,

as well as how they navigate tensions and trade-offs between the two. Differences between

experts and the public seem especially likely in the context of carbon pricing, as public

demand for climate action remains nascent in many developing countries (Leiserowitz et

al. 2023).5 We center the experience of developing countries in our analysis, as experts from

poorer countries systematically prefer different carbon pricing designs than their wealthier

counterparts (Nesje, Schmidt, and Drupp 2023).

A further contribution of our study is to examine the decision to pursue “second-best”

policy designs. Many policies present a tension between technical efficacy and political feasi-

bility, obliging policymakers to compromise a policy’s performance to win support sufficient

4 See, e.g., Dechezleprêtre et al. (2022), Gaikwad, Genovese, and Tingley (2022), and Malerba et al. (2023)

5 In this paper we examine domestic factors and do not consider other potentially important external pres-
sures, such as trade competition.

2



Figure 1: Global Spread of Carbon Pricing.
Top: Number of carbon pricing instruments implemented (and under consideration) in ad-
vanced and developing countries. Bottom: Developing countries where at least one form of
carbon pricing is implemented (in dark green) or under consideration (in light green); ad-
vanced countries with carbon pricing are in dark gray. ‘Advanced’ and ‘Developing’ groupings
reflect IMF classifications as of April 2023. Source: Status and Trends of Carbon Pricing
2023.
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for passage (Jenkins 2014; Stavins 2022). However, existing work only examines beliefs about

the implications of carbon pricing or support for specific policy designs (e.g., Nesje, Schmidt,

and Drupp 2023). The causal pathway that links a policy’s design to beliefs about technical

efficacy and political feasibility, and subsequently to decisions about whether and how to

make trade-offs, has yet to be systematically understood.

Empirically, our paper presents the results of an original conjoint experiment that so-

licited the views of 97 individuals who have previously worked to develop carbon pricing in

at least one developing country.6 Unlike existing surveys of either the public or the global

community of carbon pricing experts, our participants have personal experience working in

or with governments on carbon pricing policies in developing countries. Given the target

population, our sample represents a non-trivial proportion of developing country carbon

pricing experts.

Our analysis consists of two steps. First, we investigate how differences in carbon pricing

designs affect expert perceptions of two key dimensions of carbon pricing: technical effec-

tiveness (potential to reduce carbon emissions) and political feasibility (likelihood of being

adopted). We focus specifically on the effect of three design decisions that determine who

bears costs and receives benefits from carbon pricing: 1) the instrument (a carbon tax or

an emissions trading system), 2) coverage (the extent of the economy’s emissions covered

within the policy’s scope), and 3) revenue use (options for allocating the proceeds of carbon

pricing). We expect these choices to drive variation in expert beliefs about the efficacy and

feasibility of a given design.7

Second, we explore the relationship between perceptions of a carbon pricing design’s

effectiveness and feasibility and its overall support. In doing so, we investigate how experts

navigate the trade-off between effectiveness and feasibility in a developing country context,

6 Several participants have worked in more than one developing country, but we ask them to identify only
the country they know best.

7 Our expectations are pre-registered at https://osf.io/frqty/?view_only=190b59a4c1c94d9a829f8923bcbdfcbb.
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both overall and for specific choices about instrument, coverage, and revenue. Our study

examines the full causal chain underlying the relationship between a carbon pricing policy’s

design and its support, from design choices to policy perceptions to policy preferences.

Perceptions and Preferences over Carbon Pricing Policy Design

In addition to the economic benefit of internalizing the cost of pollution, carbon pricing offers

a clear political logic. Politicians may anticipate rewards from ‘making carbon polluters pay,’

meeting climate mitigation targets, or groups that receive co-benefits from climate action.

At the same time, carbon pricing creates opponents who work to unravel the policy.

Politicians may fear a backlash, both from workers in high-carbon industries and from vot-

ers worried about higher energy prices, especially salient in developing countries. Opponents

may invoke, some candidly, some cynically, objections based on inequitable historical respon-

sibility for climate change, as well as debates over the merits of spending scarce human and

financial resources on climate mitigation. Accordingly, while experts tend to view carbon

pricing as more effective than mandates, regulations, and spending, they believe it to be

among the least politically feasible options for accelerating decarbonization (World Bank

2024).

Policy design is the most immediate tool at policymakers’ disposal for building support

and minimizing opposition to carbon pricing. Below, we examine each link in the causal

chain between design and support. To start, we discuss the relationship between policy

design choices and perceptions about likely technical effectiveness and feasibility. We then

turn to how these perceptions inform preferences for one design over another.

Effectiveness and Feasibility

While the literature on carbon pricing preferences mostly examines public (and occasionally

elite) opinion in advanced countries, its focus on the relationship between these carbon

pricing characteristics and policy support is likely pertinent to developing countries as well.
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That said, the magnitude and direction of these effects plausibly vary across developed and

developing countries as well as between public versus expert audiences.

The first salient aspect of carbon pricing we consider is the choice of the carbon pricing

instrument, i.e., a carbon tax versus an emissions trading system (ETS). The literature sug-

gests that the relative merits of these instruments hinge largely on state capacity. However,

different definitions of this concept yield contrasting expectations. If state capacity is under-

stood as the ability to extract resources quickly and authoritatively through strong central

and fiscal institutions (Meckling and Karplus 2023), capacity may suggest direct taxation

instead of trading. But, if state capacity reflects institutions’ ability to create and govern

markets, an ETS may be a better lever for spurring decarbonization (Genovese and Tvin-

nereim 2019). Respondents are also likely to make additional assumptions about the design

of carbon pricing instruments, even when considered in the abstract—e.g., tax progressivity

or fiscal gains from carbon crediting—that would inform expectations about the policy’s

supporters and opponents.

We explore the relationship between instrument choice and perceptions of effectiveness

and feasibility in one context, but we do not test hypotheses relating to instrument choice.

Time and attention constraints prevented us from varying these characteristics, and we do

not hold strong expectations about these relationships independent of country characteris-

tics. However, it was important to include instrument choice in the experiment to avoid

confounding other causal estimates.

The second aspect we consider is the coverage of carbon pricing. Carbon taxes and ETS

can be designed to target specific actors (e.g., firms, communities) or broad populations.

Narrow coverage could be justified by the desire to avoid mobilizing powerful opponents

or by the concentration of emissions among a few firms. Broad coverage could indicate an

attempt at maximizing emissions reductions or sharing burdens fairly. In general, we expect

preferences for coverage to depend on whether the policymaker prioritizes effectiveness or

feasibility. We expect experts to view broad coverage as more effective (because it applies
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to more emissions) but narrow coverage as more politically feasible (because it makes fewer

enemies).

• H1a: Experts see carbon pricing with broad coverage as more technically effective.

• H2a: Experts see carbon pricing with narrow coverage as more politically feasible.

Finally, we examine options for distributing resources generated through carbon pricing,

i.e., revenue use. Redressing participation in carbon pricing through compensation is often

believed to be a key element for making this policy credible (Colgan, Green, and Hale

2020; Gaikwad, Genovese, and Tingley 2022). But like coverage, the revenue from carbon

pricing can be used in various ways. We focus on three revenue use options that range from

broader to more targeted societal segments. These are funding climate change mitigation

activities (e.g., renewable energy installation), compensating vulnerable communities (e.g.,

low-income families or coal miners), or compensating the general population (e.g., in the

form of rebates). We anticipate experts to view policy designs as more effective if revenue

is used for green infrastructure because it allows pricing to reduce emissions twice over, first

by disincentivizing emissions and second by funding cleaner alternatives. In contrast, we

anticipate experts to see using revenues to compensate vulnerable groups or compensate the

general public as more politically feasible because it could broaden the constituencies who

benefit from pricing.

• H1b: Experts see carbon pricing that uses revenue for green infrastructure as more

technically effective.

• H2b: Experts see carbon pricing that uses revenue for compensations as more politically

feasible.

These expectations, if substantiated, would align with findings from studies of carbon

pricing in developed countries. Broader carbon pricing that invests revenue in green en-

ergy infrastructure is likely to have the largest beneficial effects on long-term mitigation,
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as this helps redress market failures and barriers faced by low-carbon substitutes (Bowen

2015; Pahle et al. 2018). Moreover, public opinion studies find that broad coverage and

green infrastructure investment are key to boosting confidence in the effectiveness of carbon

abatement (Bernauer and McGrath 2016; Baranzini and Carattini 2017; Tvinnereim and

Mehling 2018; Sovacool et al. 2020).

At the same time, other research indicates that ambitious carbon pricing is often po-

litically infeasible (Rosenbloom et al. 2020; Martinez-Alvarez et al. 2022; Mildenberger et

al. 2022). For example, broad carbon taxes raise costs for the average voter in the short

term, who either pays carbon taxes directly or faces higher costs as a result of pass-through

from businesses. Consequently, voters often refuse to accept meaningful pricing that will

cost them significantly more money. Accordingly, narrow policies coupled with broader com-

pensation may be less effective but more politically feasible. This logic could help explain

why, despite some successful instances, carbon pricing has had limited effects on emissions

on average (Green 2021).

Trade-Offs and Carbon Pricing Choices

Our analysis of experts’ opinions about the effectiveness and feasibility of carbon pricing is

only meaningful if it enhances our understanding of experts’ choice of carbon pricing design.

We extend our discussion to how effectiveness and feasibility relate to policy selection.

While experts may agree on the unconditional effects of carbon pricing design choices,

they may differ on how effectiveness and feasibility generate policy preferences. On the one

hand, our sample may prefer policy designs that maximize potential emissions reductions

because experts tend to value technical effectiveness more than members of the general

public.8 According to our previous discussion, this would mean recommending policies with

broad coverage and green infrastructure investment. On the other hand, technocratic views

8 For example, experts tend to place high importance on plausible climate targets (e.g., Victor, Lumkowsky,
and Dannenberg 2022). On expert concern for technical effectiveness more generally, see Caramani (2017).
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of carbon pricing may be moderated by political concerns, especially for expert practitioners

embedded in or engaged with government institutions. As a result, our respondents may be

sufficiently sensitive to carbon pricing’s political risks to prefer features that favor feasibility

over effectiveness. In light of these conflicting considerations, we approach the trade-off

between effectiveness and feasibility without firm expectations.

Data and Methods

Sample Construction

We test our expectations with data from an original survey of policymaking experts. The

population of interest was individuals with personal experience working to advance or develop

carbon pricing in one or more developing countries. Experts were identified in collaboration

with the World Bank’s Partnership for Market Implementation (PMI) team, using PMI and

International Climate Action Partnership (ICAP) stakeholder contacts. Invitations came

from the PMI management unit, and responses were collected between 14 February 2023

and 24 March 2023. Of the 345 experts in the sample frame, 185 started the survey (54%)

and 97 provided a valid response to the conjoint (28%).9 Of the 97 respondents who met

these criteria, 89 answered every question in the conjoint experiment.10

The final dataset consists of 97 individuals with expertise from 27 different countries.

While there was especially high participation from experts in Mexico (N=17) and China

(N=11), our results are robust to leaving out respondents for any given country (Figure E1)

or pair of countries (Figure E2). Nearly all survey respondents are located within their

country of expertise (98%), and a large majority identify as policy consultants (45%) or

9 A valid response meant participants who had experience working on carbon pricing in a developing country
(self-reported), provided a sincere response (self-reported), spent longer than 10 minutes on the survey
(median time to completion 32 minutes), completed more than 25% of all survey questions, and compared
at least one pair of policy designs.

10We obtain substantively similar results if the sample is limited to the 89 respondents who answered every
question (Table E2).
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civil servants (31%).11 We anticipate our sample size to be appropriately powered to detect

changes of 5%–10% for main effects and 15%–20% for conditional effects.

Research Design

We employ a conjoint experiment embedded in the expert survey (Hainmueller, Hopkins,

and Yamamoto 2014). The experiment began with a short preamble about a hypothetical

country we want respondents to keep in mind while assessing pairs of carbon pricing policies.

Since respondents had expertise in many countries, we made responses comparable by placing

the experiment in the context of ‘Carbonia,’ a democracy in the upper-middle income range

of developing countries (in terms of GDP and state capacity) with a high level of inequality

and significant production of fossil fuels.12 While Carbonia is a fictional construct, it shares

characteristics with real countries that have adopted carbon pricing, such as Colombia and

Indonesia. To avoid unnecessary complexity, we stated that Carbonia has no other climate

mitigation policies.

We asked respondents to imagine they were advising a Carbonian policymaker on de-

signing a carbon pricing policy that is both technically effective and politically feasible.13

Experts then compared six pairs of carbon pricing policy designs, each consisting of three

fully randomized attributes: instrument (carbon tax or emissions trading); coverage (broad,

“covering most sections and sectors in society,” or narrow, “applying only to high emission

sectors”); and revenue use (support green infrastructure, “such as wind and solar,” compen-

sate vulnerable groups, “e.g., poor communities,” or compensate the entire population “e.g.,

11Appendix A provides full descriptive statistics of the survey sample. To assess the risk of response
bias, we re-weight survey responses by gender and holding a position in government (as recorded by
the PMI and ICAP), the only two sample frame characteristics available, and obtain substantively simi-
lar results(Table E1). See Appendix E for all pre-registered tests for heterogeneous treatment effects by
respondents’ individual and country attributes.

12Lacking sufficient power to present multiple profiles of developing countries, we choose to have respondents
focus on just one hypothetical country.

13The wording was: Imagine you are advising a policymaker on carbon pricing. They would like the policy to
be both technically effective and politically feasible – meaning it will substantially reduce carbon emissions
and can be adopted without too much opposition.
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direct cash transfers”).14 For each pair, respondents indicated which policy design they be-

lieved to be more technically effective and which they believed to be more politically feasible.

They were then asked which they would propose to the policymaker.15

We analyze the pooled data (Nobs = 97, Neff = 1128) with a linear regression model.

Since conjoint experiments introduce multiple treatments (Liu and Shiraito 2023), we correct

for multiple testing using the Holm-Bonferroni method.16 We report robust standard errors

clustered by respondent.

Results

Relationship between Design Features, Effectiveness, and Feasibility

We begin by testing how experts perceive the effectiveness and feasibility of different car-

bon pricing design features. We report the Average Marginal Component Effect (AMCE)

estimates from the conjoint in Figure 2 (see also Table B1).

Starting with instrument selection, emissions trading is positively associated with ef-

fectiveness, although the relationship is not statistically significant at the 90% confidence

level (� = 8.67 [SE = 5.52], P < 0.12). At the same time, trading is seen as more po-

litically feasible than taxes (� = 10.03 [SE = 4.10], P < 0.05). Such enthusiasm aligns

with similar findings by Nesje, Schmidt, and Drupp (2023), potentially reflecting emission

trading’s prospect of transfers to poor countries from wealthy countries (Bauer et al. 2020).

Alternatively, this result may be an artifact of sample composition, as many respondents

were recruited through their membership in ICAP, which encourages knowledge exchange

14In this experimental setting, while it is impossible to rule out unobserved variable bias entirely, we do not
find evidence of statistically significant interactions among the policy attributes defined in the experiment
(Table C1). In addition, our results remain robust to the order in which a profile was presented to the
respondent (Table F1) and the inclusion of respondent gender, location, position, and years of experience
as controls (Table F2).

15We rely on a forced choice measurement for all the outcomes.

16We deviate from our pre-registered plan to correct estimates using Adaptive Shrinkage because it can be
overly conservative when effect sizes are likely to be relatively small, as in our case.
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Figure 2: Effectiveness and Feasibility: Average Marginal Component Effects.
Conjoint experiment results for the Effective and Feasible outcomes. Thick error bars are
90% confidence intervals and thin error bars are 95% confidence intervals (standard errors
clustered by respondent). All estimates are Holm-corrected. The outcome variable is the
individual experts’ choice of which policy is more effective (left) or feasible (right).
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on trading. While we did not register any priors for this attribute, and keeping these caveats

in mind, we observe that experts perceive trading as promoting the political feasibility of

carbon pricing without sacrificing effectiveness.

Second, we turn to coverage. Contrary to H1a, while experts tend to view broad carbon

pricing to be more effective than a narrowly tailored policy, the relationship does not attain

statistical significance at the 90% confidence level (� = 6.46 [SE = 4.12], P < 0.12). As per

H2a, experts considered a broadly targeted policy to be much less politically feasible than a

policy with narrow coverage(� = �23.63 [SE = 3.56], P < 0.001).

Third, we examine revenue use. As anticipated by H1b, experts viewed using carbon pric-

ing revenues to support the development of green infrastructure to be more effective at re-

ducing carbon emissions than compensation, both for vulnerable groups (� = �10.68 [SE =

4.93], P < 0.03) and for the entire population (� = �20.37 [SE = 4.09], P < 0.001). In

line with H2b, however, experts tended to perceive compensation as more politically feasi-

ble. Providing compensation to vulnerable communities increases the likelihood of rating

the policy as feasible (� = 9.70 [SE = 4.10], P < 0.02)), as does compensating the general

public (� = 7.31 [SE = 4.30], P < 0.09).

Taken together, these results reveal an important pattern. On the one hand, and in line

with research in advanced countries, we find that experts consider carbon pricing that uses

revenue to support infrastructure investment to be more effective. In contrast, experts show

a fair degree of sensitivity to the distributional implications of coverage and revenue use

decisions for political feasibility. But how do these findings combine to inform which design

respondents would recommend to a policymaker?

Relationship between Effectiveness, Feasibility, and Policy Choice

After asking experts to judge policies based on effectiveness and feasibility, we then ask which

they would propose to a policymaker. Figure 3 displays the AMCE estimates for how each of
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our three policy design aspects affects proposal choice.17 We find that, while experts let some

aspects of effectiveness prevail, there is also evidence of their sensitivity to political feasibility.

That experts would advocate for emissions trading over carbon taxation is unsurprising

because trading was perceived to be similarly effective and more feasible than carbon taxes,

although the strength of the effect is noteworthy at 13 percentage points (� = 12.69 [SE =

4.13], P < 0.002). In terms of coverage, experts are more likely to propose a narrowly

targeted carbon price, reflecting concerns about political feasibility (� = �7.33 [SE =

4.22], P < 0.08). Finally, although experts were indifferent between using revenue for

green infrastructure or compensating vulnerable groups (� = 2.84 [SE = 4.67], P < 0.54),

they were much less likely to propose compensating the entire population, suggesting that

perceptions of effectiveness dominated their choice (� = �16.15 [SE = 5.19], P < 0.002).

In summary, our causal analysis of how experts perceive carbon pricing shows starkly

different effects depending on whether experts are asked to judge technical effectiveness or

political feasibility. Moreover, feasibility concerns can sometimes trump effectiveness, sug-

gesting experts are attuned to the political risks of carbon pricing in developing countries.

These results are robust to a variety of tests (presented in Appendix E) examining hetero-

geneity in the individual and country experiences of our sample.

17For a tabular presentation of these results, see Table B1. We also report the conditional probabilities of
proposing a policy in Appendix D.
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Figure 3: Proposed Choice: Average Marginal Component Effects.
Conjoint experiment results for the Propose outcome. Thick error bars are 90% confidence

intervals and thin error bars are 95% confidence intervals (standard errors clustered by
respondent). All estimates are Holm-corrected. The outcome variable is the individual

expert’s choice of carbon pricing design to propose.
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Discussion

Through this analysis of carbon pricing policies in a realistic developing country, we present

three core findings. First, experts believe key choices in the design of carbon pricing policies

create a trade-off between technical effectiveness and political feasibility. Experts expect

carbon pricing to be more effective at accelerating decarbonization if the policy reinvests

its proceeds in green infrastructure. By contrast, they perceive carbon pricing to be more

politically feasible if its design imposes costs on only a few targeted sectors and distributes

broad benefits through compensation. Second, developing country experts are divided over

whether to prioritize effectiveness or feasibility when choosing between carbon pricing policy

designs. The difference between the majority and minority preference was not more than

approximately 16 percentage points for any of the three design choices. Third, experts

prioritize effectiveness and feasibility differently for imposing policy costs than distributing

policy benefits. For choices that affect who pays the costs of carbon pricing, experts tend

to value feasibility over effectiveness. For choices that distribute its benefits, experts weigh

effectiveness and feasibility similarly and tend to reject options that appear to sacrifice too

much effectiveness.

These results remain consistent across a variety of individual and contextual differences

among respondent differences. This may indicate that the community of carbon pricing

experts in the Global South holds a relatively homogeneous perspective on the political

economy of designing a carbon price, at least among those practitioners who have engaged

at the international level via ICAP and the PMI. Our findings both reinforce existing studies

of academic experts in the Global South Nesje, Schmidt, and Drupp (2023) and extend

beyond past work by providing new insight into the strategic logic underpinning policy

design preferences.

Our analysis makes several broader contributions. Whereas the carbon pricing literature

tends to focus on either policy perceptions (e.g., effectiveness and feasibility) or support, we
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examine the full causal chain from policy design to perceptions to preferences. This allows

us to show how experts attend to the political risks of pricing carbon in a developing country

context, seeking to strike a balance between effectiveness and feasibility. This understanding

helps not only gauge the credibility of carbon pricing designs but also provides guidance to

politicians, advocates, and international organizations about how to invest political resources

and economic capital in promoting climate policy in developing countries. We speculate that

Global North experts similarly perceive the tension between efficacy and feasibility, but they

may make different trade-offs according to the distinctive political economy considerations

of the Global North.

We make a second contribution by showing that experts make different trade-offs for

different aspects of carbon pricing. Their support for narrower—and therefore more polit-

ically palatable—policy coverage indicates a wariness of creating too many opponents. In

contrast, experts allow the potential political benefits of compensating the entire population

to be overwhelmed by concerns about the perceived ineffectiveness of such transfers.

It seems possible that experts focus on feasibility when distributing costs due to inter-

nalized expectations about the political consequences of prospect theory, with constituencies

more likely to mobilize in opposition to potential losses than foregone gains (e.g., Esterling

2004). Alternatively, these judgments could reflect beliefs about the relative political power

of interest groups and the public in developing countries, especially for a relatively technical

policy like carbon pricing. Uncovering what leads experts to prioritize technical efficacy or

political feasibility in policy design is a topic worthy of future study.
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Online Appendix A: Survey respondent descriptive statistics

Table A1: Survey respondent country of expertise

Country Frequency

Mexico 17 (18%)

China 11 (11%)

Indonesia 8 (8%)

Chile 7 (7%)

Colombia 7 (7%)

Turkey 6 (6%)

India 5 (5%)

Pakistan 5 (5%)

Ukraine 5 (5%)

Others (18) 26 (27%)

Total 97

Survey respondents were asked to indicate the country in which they had direct experience

working on carbon pricing. If respondents had experience in multiple countries, they were

instructed to select the country they felt most qualified to comment on. “Direct experience”

includes working to promote or oppose carbon pricing, even if the policy has not been adopted

in the expert’s country.
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Table A2: Survey respondent demographic background

Variable Level Frequency

Gender Female 32 (33%)

Male 59 (61%)

N/A 6 (6%)

Location Inside country of expertise 95 (98%)

Outside country of expertise 2 (2%)

Position Academic & consultant 44 (45%)

Civil society 7 (7%)

Government 30 (31%)

Intergovernmental agency 10 (10%)

Private sector 6 (6%)

Years experience 1-10 years 12 (12%)

11-20 years 50 (52%)

21-30 years 23 (24%)

More than 31 years 6 (6%)

N/A 6 (6%)

Notes: See codebook for variable coding.

Table A3: Survey respondent descriptive statistics

Variable N Mean Std. Dev. Min Max

Carbon pricing support 97 -0.40 1.35 -4.90 1.31

International/domestic carbon pricing pressure 97 0.25 0.76 -1.00 1.00

Private/public carbon pricing demand 97 -0.38 0.80 -1.00 1.00

Adaptation/mitigation political priority 97 0.28 0.72 -1.00 1.00

Electoral democracy 97 0.47 0.23 0.07 0.84

Gross Domestic Product per capita (asinh) 97 28.89 1.48 24.03 31.57

Overseas Development Assistance per capita (asinh) 97 2.47 1.83 -0.27 7.34

Carbon pricing status 97 1.53 0.69 0.00 2.00

Carbon tax status 97 0.96 0.95 0.00 2.00

ETS status 97 1.20 0.74 0.00 2.00

Notes: (asinh) indicates inverse hyperbolic sine transformation. See codebook for variable coding.
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Online Appendix B: Effective, Feasible, and Propose AMCEs

Table B1: Effective, Feasible, and Propose AMCEs

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument Emissions trading 8.67+ 8.67 10.03⇤⇤ 10.03⇤ 12.69⇤⇤⇤ 12.69⇤⇤

(4.58) (5.52) (3.56) (4.10) (3.74) (4.13)
Coverage Broad 6.46+ 6.46 �23.63⇤⇤⇤ �23.63⇤⇤⇤ �7.33⇤ �7.33+

(3.61) (4.12) (3.46) (3.56) (3.59) (4.22)
Revenue use Compensate vulnerable �10.68⇤ �10.68⇤ 9.70⇤⇤ 9.70⇤ 2.84 2.84

(4.15) (4.93) (3.72) (4.10) (4.67) (4.67)
Compensate population �20.37⇤⇤⇤ �20.37⇤⇤⇤ 7.31+ 7.31+ �16.15⇤⇤⇤ �16.15⇤⇤

(3.88) (4.09) (4.30) (4.30) (4.61) (5.19)

N(observations) 1126 1126 1128 1128 1124 1124
N(respondents) 97 97 96 96 96 96

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Marginal Component Effects. Columns labeled “Holm”
control for the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. Values are multiplied by 100 for ease of inter-
pretation (coefficients represent change in the percentage chance of selection)
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Online Appendix C: Interactions between policy design attributes

Following our pre-registration, we assess the robustness of our results along two dimensions.

First, we consider the possibility that respondents’ perceptions and preferences might reflect

the interaction of policy design characteristics. We find no significant Average Component

Interaction Effects at the 90% confidence level (Table C1). This leads us to maintain focus

on discrete policy design choices rather than in combination.

Table C1: ACIEs by policy design attribute

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Emissions trading:Broad �10.50 �10.50 �0.55 �0.55 �3.49 �3.49
(6.91) (7.57) (6.22) (6.22) (6.37) N.S.

Emissions trading:Compensate vulnerable �7.36 �7.36 2.17 2.17 �7.44 �7.44
(6.93) (13.15) (7.08) N.S. (6.86) (35.61)

Emissions trading:Compensate population �5.76 �5.76 �1.18 �1.18 �6.86 �6.86
(6.71) (10.28) (7.36) N.S. (7.79) (32.85)

Broad:Compensate vulnerable 9.05 9.05 �0.87 �0.87 2.62 2.62
(7.50) (12.13) (7.39) N.S. (7.20) N.S.

Broad:Compensate population �6.22 �6.22 4.84 4.84 7.02 7.02
(8.32) (8.33) (8.26) N.S. (7.38) N.S.

N(observations) 1126 1126 1128 1128 1124 1124
N(respondents) 97 97 96 96 96 96

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Component Interaction Effects. Columns labeled “Holm”
control for the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. N.S. indicates that an estimate’s p-value is
above the Holm-Bonferroni threshold and is declared not significant. Values are multiplied by 100 for ease of interpretation (coeffi-
cients represent change in the percentage chance of selection)
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Online Appendix D: Probabilities of policy choice

To understand how much effectiveness and feasibility considerations affect support for a

policy design, we examine instances in which respondents did not have to make a trade-off.

When respondents judged a design to be both more technically effective and more politically

feasible than its alternative, they would propose the higher-rated policy to the policymaker

89.8% of the time (Table D1). This suggests effectiveness and feasibility judgments are key

predictors of policy support.1

It may seem surprising that respondents would ever choose to propose a policy they

rated as both less politically feasible and less technically effective, which they do 10.2% of

the time. This may be because respondents value other considerations beyond effectiveness

and feasibility. One such consideration might be fairness, for example. Another potential

reason is the administrative complexity of implementing certain forms of carbon pricing,

although this should not be a salient consideration because the case description makes clear

that Carbonia has relatively high state capacity.2

Table D1: Association between effectiveness, feasibility, and the probability of policy pro-

posal

Probability of Proposal Less Feasible More Feasible
Less Effective 10.2% 43.9%
More Effective 56.1% 89.8%
Notes: Figures in this table represent the percentage of respondents who
would propose a policy, conditional on judging its effectiveness and feasi-
bility relative to some alternative. Probabilities are derived from the con-
joint experiment results. By construction diagonal cells are the inverse of
each other.

Next, we turn to when experts weigh effectiveness against feasibility. Experts chose

to propose a policy they considered more technically effective but less politically feasible

1
It also may reflect the experiment’s success in priming respondents to complete the task of proposing an

effective and feasible carbon price to the Carbonian policymaker.

2
Rather than providing alternative rationales for policy proposals, these values may also play an intermediate

role between policy design and respondents’ perceptions of technical effectiveness and political feasibility.

We leave this possibility to future work.
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56.1% of the time. While this indicates a slight preference for effectiveness over feasibility on

average, experts appear generally split over which dimension is more important. Effectiveness

does not dominate feasibility (and vice-versa), so one is not a precondition or conceptual

subset of the other. Instead, effectiveness and feasibility are meaningfully distinct drivers of

experts’ carbon pricing preferences.
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Online Appendix E: Heterogeneous treatment effects

We observe that the experts surveyed come from a variety of political, economic, social, and

professional contexts, raising a risk that respondents interpreted the experiment through

the lens of their varied personal experiences. To address country-level heterogeneity, we

iteratively estimate our results in a leave-one-out analysis, excluding respondents from each

country. Our results are robust to leaving out respondents from any one country (Figure E1)

or any pair of countries (Figure E2). To mitigate the risk of response bias, we assign weights

to survey responses according to the gender and government role (binary) composition of

the sample frame. Our results are substantively similar, with only minor differences due

to reduced statistical power from dropping observations with missing covariate information

(Table E1). Our results are also substantively similar if we exclude respondents who did

not answer all of the questions in the conjoint experiment (Table E2). Finally, we interact

policy design features with a variety of measures of the respondent’s carbon pricing context,

perceived demand for carbon pricing, and personal characteristics (Tables E3–E16). No

heterogeneous treatment effect is significant at the 90% confidence level. Based on these

results, there does not appear to be substantial heterogeneity in how respondents engaged

with the experiment.
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Country leave-one-out and leave-two-out analyses

Figure E1: Country Leave-one-out Average Marginal Component Effects. These are the

effects calculated with the conjoint choice experiment, with overall estimates (dark) and

estimates iteratively excluding respondents from each country (pale). Thick error bars are

90% confidence intervals and thin error bars are 95% confidence intervals. All estimates are

Holm-corrected. The outcome variable is the individual expert’s choice based on preferences

towards a carbon pricing design.
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Figure E2: Country Leave-two-out Average Marginal Component Effects. These are the

effects calculated with the conjoint choice experiment, with overall estimates (dark) and

estimates iteratively excluding respondents from each country (pale). Thick error bars are

90% confidence intervals and thin error bars are 95% confidence intervals. All estimates are

Holm-corrected. The outcome variable is the individual expert’s choice based on preferences

towards a carbon pricing design.
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Weighted by sample frame characteristics (gender, government role)

Table E1: Weighted by sample frame characteristics (gender, government role)

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument Emissions trading 8.64 8.64 6.01 6.01 13.38⇤⇤ 13.38⇤⇤

(5.30) (6.35) (4.13) (5.70) (4.51) (5.12)
Coverage Broad 7.31+ 7.31 �25.54⇤⇤⇤ �25.54⇤⇤⇤ �6.36 �6.36

(3.76) (5.15) (3.33) (3.41) (3.88) (4.98)
Revenue use Compensate vulnerable �8.09+ �8.09 7.92+ 7.92 �2.13 �2.13

(4.72) (5.94) (4.36) (6.28) (5.21) (5.21)
Compensate population �21.07⇤⇤⇤ �21.07⇤⇤⇤ 2.16 2.16 �20.60⇤⇤⇤ �20.60⇤⇤⇤

(4.04) (4.25) (4.77) (4.77) (4.49) (4.80)

N(observations) 1072 1072 1070 1070 1066 1066
N(respondents) 91 91 90 90 90 90

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Marginal Component Effects. Columns labeled “Holm”
control for the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. Values are multiplied by 100 for ease of inter-
pretation (coefficients represent change in the percentage chance of selection). Weights calculated via automated raking on gender
and government role (binary), benchmarks from sample frame characteristics.
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Sample restricted to respondents who answered all questions in the conjoint

experiment

Table E2: Effective, Feasible, and Propose AMCEs (only respondents who answered all

questions

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument Emissions trading 9.07+ 9.07 10.35⇤⇤ 10.35⇤ 13.38⇤⇤⇤ 13.38⇤⇤

(4.67) (5.59) (3.62) (4.15) (3.65) (4.07)
Coverage Broad 6.35+ 6.35 �23.40⇤⇤⇤ �23.40⇤⇤⇤ �8.63⇤ �8.63⇤

(3.70) (3.91) (3.55) (3.66) (3.64) (4.10)
Revenue use Compensate vulnerable �10.04⇤ �10.04+ 9.31⇤ 9.31⇤ 5.24 5.24

(4.34) (5.38) (3.85) (4.33) (4.78) (4.78)
Compensate population �19.36⇤⇤⇤ �19.36⇤⇤⇤ 6.74 6.74 �14.88⇤⇤ �14.88⇤⇤

(4.02) (4.28) (4.39) (4.39) (4.71) (5.27)

N(observations) 1068 1068 1068 1068 1068 1068
N(respondents) 89 89 89 89 89 89

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Marginal Component Effects. Columns labeled “Holm”
control for the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. Values are multiplied by 100 for ease of in-
terpretation (coefficients represent change in the percentage chance of selection). Sample is limited to respondents who answered all
questions in the conjoint experiment.
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Carbon pricing context

Table E3: Carbon pricing status

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading None 8.04 8.04 17.72+ 17.72 17.48+ 17.48
(15.15) N.S. (9.84) (26.37) (9.40) (23.49)

Under consideration 20.50⇤⇤ 20.50+ 11.55 11.55 16.43⇤ 16.43
(7.40) (10.74) (8.73) (35.23) (8.09) (20.53)

Adopted 4.08 4.08 7.53+ 7.53 10.53⇤ 10.53
(5.92) N.S. (4.24) (11.21) (4.69) (9.57)

Coverage: Broad None 3.31 3.31 �17.73+ �17.73 3.79 3.79
(10.96) N.S. (10.06) (26.39) (11.39) (11.39)

Under consideration �0.01 �0.01 �31.44⇤⇤⇤ �31.44⇤⇤⇤ �11.33 �11.33
(8.01) N.S. (7.59) (8.84) (8.10) (19.22)

Adopted 9.75⇤ 9.75 �21.59⇤⇤⇤ �21.59⇤⇤⇤ �7.40+ �7.40
(4.22) (7.05) (4.28) (4.75) (4.22) (10.39)

Revenue use: Compensate vulnerable None �19.08⇤ �19.08 12.16 12.16 �17.35 �17.35
(9.48) (18.77) (9.27) (37.10) (11.72) (29.44)

Under consideration �20.01⇤⇤ �20.01+ �6.14 �6.14 �8.58 �8.58
(7.37) (10.62) (7.47) (18.73) (8.07) (15.29)

Adopted �5.69 �5.69 14.78⇤⇤ 14.78⇤ 10.03 10.03
(5.44) N.S. (4.55) (5.86) (6.14) (15.23)

Revenue use: Compensate population None �15.86 �15.86 13.22+ 13.22 �25.25+ �25.25
(11.28) (305.66) (7.04) (18.90) (13.24) (33.93)

Under consideration �25.26⇤⇤⇤ �25.26⇤⇤ �9.23 �9.23 �25.99⇤⇤ �25.99+

(7.36) (9.31) (8.04) (28.15) (9.48) (14.53)
Adopted �18.92⇤⇤⇤ �18.92⇤⇤ 12.30⇤ 12.30 �11.11+ �11.11

(5.01) (6.10) (5.83) (12.21) (5.69) (14.94)

N(observations) 1126 1126 1128 1128 1124 1124
N(respondents) 97 97 96 96 96 96

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Component Interaction Effects. Columns labeled “Holm” control for the family-wise error rate at ↵ = 0.05 using the
Holm-Bonferroni method. N.S. indicates that an estimate’s p-value is above the Holm-Bonferroni threshold and is declared not significant. Estimates in bold indicate a significant difference across
interaction levels at ↵ = 0.05. Values are multiplied by 100 for ease of interpretation (coefficients represent change in the percentage chance of selection)
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Table E4: Carbon tax status

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading None 13.24⇤ 13.24 19.29⇤⇤⇤ 19.29⇤⇤ 15.50⇤⇤ 15.50+

(6.66) (18.26) (5.72) (7.21) (5.63) (8.22)
Under consideration �16.17 �16.17 10.34+ 10.34 3.05 3.05

(12.47) (125.11) (5.77) (15.68) (8.80) N.S.
Adopted 10.03 10.03 �0.07 �0.07 12.72⇤ 12.72

(6.97) (77.63) (5.16) N.S. (5.74) (10.24)
Coverage: Broad None 4.04 4.04 �24.34⇤⇤⇤ �24.34⇤⇤⇤ �4.55 �4.55

(5.27) (31.23) (4.71) (5.19) (5.47) N.S.
Under consideration 7.41 7.41 �41.51⇤⇤⇤ �41.51⇤⇤⇤ �31.50⇤⇤⇤ �31.50⇤⇤

(11.96) (57.33) (8.29) (9.18) (9.33) (12.03)
Adopted 9.34+ 9.34 �17.21⇤⇤ �17.21⇤ �3.86 �3.86

(5.53) (41.66) (5.81) (7.81) (5.20) N.S.
Revenue use: Compensate vulnerable None �9.10 �9.10 7.28 7.28 5.32 5.32

(6.05) (70.40) (4.73) (22.03) (5.98) N.S.
Under consideration �16.40 �16.40 �6.05 �6.05 �7.56 �7.56

(13.76) (126.90) (9.73) N.S. (13.91) N.S.
Adopted �10.07 �10.07 17.08⇤⇤ 17.08⇤ 3.14 3.14

(6.34) (77.92) (5.99) (8.10) (7.86) N.S.
Revenue use: Compensate population None �19.39⇤⇤⇤ �19.39⇤⇤ 5.99 5.99 �19.53⇤⇤ �19.53⇤

(5.52) (6.95) (5.19) (830.33) (6.71) (9.50)
Under consideration �18.47 �18.47 4.87 4.87 �0.26 �0.26

(11.64) (142.89) (13.88) N.S. (12.36) N.S.
Adopted �21.42⇤⇤⇤ �21.42⇤⇤ 10.30 10.30 �16.19⇤ �16.19

(6.21) (7.82) (7.50) (53.99) (7.01) (12.31)

N(observations) 1126 1126 1128 1128 1124 1124
N(respondents) 97 97 96 96 96 96

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Component Interaction Effects. Columns labeled “Holm” control for the family-wise error rate at ↵ = 0.05 using the
Holm-Bonferroni method. N.S. indicates that an estimate’s p-value is above the Holm-Bonferroni threshold and is declared not significant. Estimates in bold indicate a significant difference across
interaction levels at ↵ = 0.05. Values are multiplied by 100 for ease of interpretation (coefficients represent change in the percentage chance of selection)
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Table E5: ETS status

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading None �1.23 �1.23 8.26 8.26 9.30 9.30
(11.25) N.S. (6.62) N.S. (7.26) N.S.

Under consideration 15.73⇤ 15.73 7.74 7.74 12.99⇤ 12.99
(6.45) (10.46) (6.13) N.S. (6.43) (15.15)

Adopted 5.98 5.98 13.04⇤ 13.04 13.67⇤ 13.67
(7.62) N.S. (5.67) (10.03) (5.91) (11.36)

Coverage: Broad None 1.92 1.92 �21.96⇤⇤ �21.96+ �7.78 �7.78
(8.87) N.S. (8.37) (12.83) (9.59) N.S.

Under consideration 5.63 5.63 �26.58⇤⇤⇤ �26.58⇤⇤⇤ �4.28 �4.28
(6.00) N.S. (5.51) (6.18) (5.71) N.S.

Adopted 9.96+ 9.96 �21.62⇤⇤⇤ �21.62⇤⇤⇤ �9.46+ �9.46
(5.18) (12.83) (5.25) (6.13) (5.05) (13.69)

Revenue use: Compensate vulnerable None �14.04 �14.04 13.02 13.02 �3.67 �3.67
(8.71) (30.18) (9.61) N.S. (10.40) N.S.

Under consideration �12.45+ �12.45 11.79+ 11.79 �1.40 �1.40
(6.52) (16.03) (6.26) (14.54) (7.33) N.S.

Adopted �6.54 �6.54 5.26 5.26 9.75 9.75
(6.81) N.S. (4.78) N.S. (7.59) N.S.

Revenue use: Compensate population None �23.45⇤⇤ �23.45⇤ 19.28⇤ 19.28 �23.91⇤ �23.91
(7.61) (10.30) (8.89) (16.45) (10.45) (19.86)

Under consideration �22.14⇤⇤⇤ �22.14⇤⇤ 1.25 1.25 �24.93⇤⇤⇤ �24.93⇤⇤

(6.44) (8.21) (6.68) N.S. (7.11) (8.96)
Adopted �16.72⇤⇤ �16.72+ 7.27 7.27 �4.90 �4.90

(6.21) (9.27) (6.92) N.S. (6.99) N.S.

N(observations) 1126 1126 1128 1128 1124 1124
N(respondents) 97 97 96 96 96 96

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Component Interaction Effects. Columns labeled “Holm” control for the family-wise error rate at ↵ = 0.05 using the
Holm-Bonferroni method. N.S. indicates that an estimate’s p-value is above the Holm-Bonferroni threshold and is declared not significant. Estimates in bold indicate a significant difference across
interaction levels at ↵ = 0.05. Values are multiplied by 100 for ease of interpretation (coefficients represent change in the percentage chance of selection)
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Demand for carbon pricing

Table E6: Pressure from domestic vs. international sources

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading Domestic 25.58⇤ 25.58 20.60⇤ 20.60 28.87⇤⇤ 28.87⇤

(10.86) (19.29) (9.66) (16.63) (9.76) (13.85)
Both equally 1.32 1.32 7.92 7.92 13.16+ 13.16

(8.03) N.S. (5.48) (24.13) (6.88) (17.20)
International 4.65 4.65 6.03 6.03 4.92 4.92

(7.12) N.S. (5.67) N.S. (5.01) N.S.
Coverage: Broad Domestic 9.74 9.74 �21.68⇤⇤ �21.68⇤ �3.65 �3.65

(9.26) N.S. (6.93) (8.99) (8.41) N.S.
Both equally 4.67 4.67 �24.82⇤⇤⇤ �24.82⇤⇤⇤ �12.36⇤ �12.36

(6.00) N.S. (5.90) (6.88) (5.87) (13.30)
International 6.70 6.70 �22.96⇤⇤⇤ �22.96⇤⇤⇤ �7.55 �7.55

(5.56) N.S. (5.81) (6.88) (5.67) N.S.
Revenue use: Compensate vulnerable Domestic �10.73 �10.73 16.22⇤ 16.22 �3.51 �3.51

(10.13) N.S. (7.33) (13.10) (11.87) N.S.
Both equally �4.30 �4.30 14.25⇤ 14.25 12.74+ 12.74

(7.14) N.S. (6.57) (11.50) (7.56) (27.37)
International �12.54⇤ �12.54 3.91 3.91 1.56 1.56

(6.18) (13.11) (5.98) N.S. (6.83) N.S.
Revenue use: Compensate population Domestic �24.17⇤⇤ �24.17⇤ 29.25⇤⇤⇤ 29.25⇤⇤ �21.22⇤ �21.22

(7.37) (9.69) (8.27) (10.17) (9.19) (17.68)
Both equally �19.33⇤⇤ �19.33⇤ 1.25 1.25 �7.69 �7.69

(5.98) (7.83) (7.40) N.S. (7.22) N.S.
International �15.61⇤ �15.61 3.93 3.93 �15.68⇤ �15.68

(6.69) (11.77) (6.78) N.S. (7.77) (18.31)

N(observations) 1070 1070 1068 1068 1064 1064
N(respondents) 92 92 91 91 91 91

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Component Interaction Effects. Columns labeled “Holm” control for the family-wise error rate at ↵ = 0.05 using
the Holm-Bonferroni method. N.S. indicates that an estimate’s p-value is above the Holm-Bonferroni threshold and is declared not significant. Estimates in bold indicate a significant
difference across interaction levels at ↵ = 0.05. Values are multiplied by 100 for ease of interpretation (coefficients represent change in the percentage chance of selection)
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Table E7: Pressure from the public vs. private sector

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading Public 5.18 5.18 9.11⇤ 9.11 8.55+ 8.55
(6.04) N.S. (4.18) (8.66) (4.87) (31.93)

Both equally 24.75⇤ 24.75 12.29 12.29 24.97⇤⇤ 24.97+

(11.42) (22.52) (8.35) (32.51) (9.35) (14.42)
Private 6.60 6.60 5.47 5.47 9.60 9.60

(11.15) N.S. (11.26) N.S. (7.23) N.S.
Coverage: Broad Public 5.63 5.63 �27.38⇤⇤⇤ �27.38⇤⇤⇤ �6.58 �6.58

(4.91) N.S. (4.46) (4.77) (4.85) N.S.
Both equally 5.95 5.95 �13.45+ �13.45 �5.14 �5.14

(7.94) N.S. (6.92) (16.54) (6.38) N.S.
Private 14.41+ 14.41 �26.62⇤⇤ �26.62⇤ �2.95 �2.95

(7.99) (25.45) (8.27) (10.86) (9.77) N.S.
Revenue use: Compensate vulnerable Public �7.84 �7.84 9.33+ 9.33 7.80 7.80

(5.96) N.S. (5.32) (15.84) (6.36) N.S.
Both equally �10.83 �10.83 13.57 13.57 9.00 9.00

(8.58) N.S. (8.36) (27.94) (8.42) N.S.
Private �7.94 �7.94 8.26 8.26 �16.62 �16.62

(11.53) N.S. (8.18) N.S. (14.02) N.S.
Revenue use: Compensate population Public �19.14⇤⇤⇤ �19.14⇤⇤ 5.53 5.53 �20.42⇤⇤⇤ �20.42⇤⇤

(5.36) (6.70) (5.90) N.S. (5.76) (7.23)
Both equally �23.08⇤⇤ �23.08+ 5.83 5.83 �5.89 �5.89

(8.63) (12.97) (10.41) N.S. (10.73) N.S.
Private �18.00⇤⇤ �18.00+ 17.36⇤ 17.36 �14.44 �14.44

(6.55) (9.77) (8.59) (20.13) (11.99) N.S.

N(observations) 1010 1010 1008 1008 1008 1008
N(respondents) 87 87 86 86 86 86

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Component Interaction Effects. Columns labeled “Holm” control
for the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. N.S. indicates that an estimate’s p-value is above the Holm-
Bonferroni threshold and is declared not significant. Estimates in bold indicate a significant difference across interaction levels at ↵ = 0.05.
Values are multiplied by 100 for ease of interpretation (coefficients represent change in the percentage chance of selection)
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Table E8: Political priority on adaptation vs. mitigation

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading adaptation 14.99 14.99 12.02 12.02 �1.66 �1.66
(9.91) (59.13) (8.82) N.S. (7.02) N.S.

Both equally 12.53+ 12.53 �0.90 �0.90 13.73⇤ 13.73
(7.42) (36.14) (5.52) N.S. (5.94) (11.39)

Mitigation �0.58 �0.58 18.51⇤⇤ 18.51⇤ 13.52+ 13.52
(7.96) N.S. (6.01) (7.86) (7.00) (16.67)

Coverage: Broad adaptation 13.78 13.78 �19.43 �19.43 �24.65⇤ �24.65
(12.73) N.S. (12.46) (92.44) (11.18) (22.54)

Both equally �3.68 �3.68 �23.45⇤⇤⇤ �23.45⇤⇤⇤ �6.23 �6.23
(5.98) N.S. (5.94) (7.04) (6.12) N.S.

Mitigation 8.01 8.01 �28.10⇤⇤⇤ �28.10⇤⇤⇤ �10.99⇤ �10.99
(5.07) (31.60) (4.37) (4.65) (5.52) (13.55)

Revenue use: Compensate vulnerable adaptation �9.53 �9.53 11.96 11.96 17.67 17.67
(8.69) N.S. (9.78) N.S. (10.93) (37.40)

Both equally �18.37⇤⇤ �18.37+ 7.99 7.99 �8.90 �8.90
(6.83) (10.44) (6.80) N.S. (8.12) N.S.

Mitigation �4.94 �4.94 18.95⇤⇤⇤ 18.95⇤⇤ 7.14 7.14
(7.71) N.S. (5.67) (7.17) (7.82) N.S.

Revenue use: Compensate population adaptation �16.77+ �16.77 14.46 14.46 �12.13 �12.13
(8.70) (24.03) (10.55) N.S. (12.16) N.S.

Both equally �29.20⇤⇤⇤ �29.20⇤⇤⇤ �0.79 �0.79 �26.18⇤⇤⇤ �26.18⇤⇤

(6.48) (7.40) (7.51) N.S. (7.78) (10.06)
Mitigation �12.98⇤ �12.98 13.92⇤ 13.92 �13.09+ �13.09

(6.15) (13.79) (6.28) (11.20) (6.73) (16.14)

N(observations) 986 986 984 984 980 980
N(respondents) 85 85 84 84 84 84

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Component Interaction Effects. Columns labeled “Holm” control
for the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. N.S. indicates that an estimate’s p-value is above the Holm-
Bonferroni threshold and is declared not significant. Estimates in bold indicate a significant difference across interaction levels at ↵ = 0.05.
Values are multiplied by 100 for ease of interpretation (coefficients represent change in the percentage chance of selection)
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Country context

Table E9: Electoral democracy

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading P_20% 9.02 9.02 15.81⇤⇤⇤ 15.81⇤⇤ 14.63⇤⇤ 14.63⇤

(6.47) (19.98) (4.44) (5.07) (4.93) (6.34)
P_80% 8.00 8.00 2.44 2.44 10.06+ 10.06

(6.05) (17.71) (5.03) N.S. (5.58) (10.93)
Coverage: Broad P_20% 1.36 1.36 �22.75⇤⇤⇤ �22.75⇤⇤⇤ �6.89 �6.89

(4.16) N.S. (4.17) (4.48) (4.37) (9.34)
P_80% 12.83⇤ 12.83+ �24.41⇤⇤⇤ �24.41⇤⇤⇤ �7.63 �7.63

(4.99) (6.56) (4.53) (4.86) (5.17) (10.34)
Revenue use: Compensate vulnerable P_20% �3.47 �3.47 1.67 1.67 5.21 5.21

(5.56) N.S. (4.69) N.S. (5.68) (14.46)
P_80% �19.41⇤⇤⇤ �19.41⇤⇤ 19.95⇤⇤⇤ 19.95⇤⇤⇤ �0.10 �0.10

(5.53) (6.47) (4.95) (5.56) (6.78) (6.78)
Revenue use: Compensate population P_20% �17.90⇤⇤⇤ �17.90⇤⇤ 2.80 2.80 �18.08⇤⇤ �18.08⇤

(4.91) (5.76) (5.36) N.S. (5.93) (7.67)
P_80% �22.98⇤⇤⇤ �22.98⇤⇤⇤ 13.49⇤ 13.49 �13.39+ �13.39

(5.64) (6.45) (6.76) (10.15) (6.91) (13.36)

N(observations) 1126 1126 1128 1128 1124 1124
N(respondents) 97 97 96 96 96 96

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Electoral democracy measured using the V-Dem Polyarchy index. Estimates are Average Component Interaction Effects.
Columns labeled “Holm” control for the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. N.S. indicates that an estimate’s p-value is above the Holm-
Bonferroni threshold and is declared not significant. Estimates in bold indicate a significant difference across interaction levels at ↵ = 0.05. Values are multiplied by 100 for ease
of interpretation (coefficients represent change in the percentage chance of selection)

Table E10: GDP per capita

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading P_20% 4.41 4.41 2.69 2.69 9.51⇤ 9.51
(5.89) (5.89) (4.17) (6.09) (4.82) (7.32)

P_80% 10.73⇤ 10.73 13.69⇤⇤⇤ 13.69⇤⇤ 14.22⇤⇤⇤ 14.22⇤⇤

(5.32) (8.72) (3.85) (4.49) (4.13) (4.95)
Coverage: Broad P_20% 6.42 6.42 �25.46⇤⇤⇤ �25.46⇤⇤⇤ �5.85 �5.85

(4.97) (7.51) (4.53) (4.83) (4.67) (8.42)
P_80% 6.33+ 6.33 �23.20⇤⇤⇤ �23.20⇤⇤⇤ �8.13⇤ �8.13

(3.71) (6.29) (3.63) (3.82) (3.84) (5.93)
Revenue use: Compensate vulnerable P_20% �15.76⇤⇤ �15.76⇤ 10.11+ 10.11 �5.04 �5.04

(5.23) (6.51) (5.42) (8.76) (6.25) (7.26)
P_80% �8.26+ �8.26 9.17⇤ 9.17+ 6.57 6.57

(4.70) (8.21) (3.64) (4.85) (4.70) (9.47)
Revenue use: Compensate population P_20% �24.36⇤⇤⇤ �24.36⇤⇤⇤ 6.11 6.11 �24.63⇤⇤⇤ �24.63⇤⇤⇤

(4.62) (4.99) (6.26) (13.82) (5.17) (5.70)
P_80% �18.45⇤⇤⇤ �18.45⇤⇤⇤ 7.88+ 7.88 �12.16⇤ �12.16

(4.28) (4.78) (4.50) (6.82) (5.18) (7.69)

N(observations) 1126 1126 1128 1128 1124 1124
N(respondents) 97 97 96 96 96 96

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. GDP per capita measured using World Bank GDP per capita, PPP, constant 2017 international $, inverse-sine transformed.
Estimates are Average Component Interaction Effects. Columns labeled “Holm” control for the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. N.S. indi-
cates that an estimate’s p-value is above the Holm-Bonferroni threshold and is declared not significant. Estimates in bold indicate a significant difference across interaction levels
at ↵ = 0.05. Values are multiplied by 100 for ease of interpretation (coefficients represent change in the percentage chance of selection)
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Table E11: ODA per capita

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading P_20% 10.88⇤ 10.88 12.46⇤⇤ 12.46⇤ 14.03⇤⇤ 14.03⇤⇤

(5.30) (8.46) (4.13) (5.14) (4.31) (5.29)
P_80% 5.24 5.24 6.66 6.66 10.92⇤ 10.92+

(5.76) (7.15) (4.29) (5.77) (4.44) (5.72)
Coverage: Broad P_20% 6.81+ 6.81 �23.67⇤⇤⇤ �23.67⇤⇤⇤ �10.09⇤⇤ �10.09⇤

(3.83) (5.62) (3.61) (3.79) (3.79) (5.07)
P_80% 5.67 5.67 �23.84⇤⇤⇤ �23.84⇤⇤⇤ �3.36 �3.36

(4.74) (7.73) (4.39) (4.70) (4.17) (16.76)
Revenue use: Compensate vulnerable P_20% �9.87⇤ �9.87 9.72⇤⇤ 9.72⇤ 7.07 7.07

(4.78) (7.67) (3.69) (4.77) (4.79) (8.75)
P_80% �12.10⇤ �12.10 9.09+ 9.09 �3.76 �3.76

(5.68) (9.41) (5.24) (7.88) (6.13) (18.76)
Revenue use: Compensate population P_20% �20.55⇤⇤⇤ �20.55⇤⇤⇤ 8.94+ 8.94 �13.21⇤ �13.21+

(4.29) (4.72) (4.67) (7.34) (5.14) (6.76)
P_80% �20.01⇤⇤⇤ �20.01⇤⇤⇤ 4.94 4.94 �21.14⇤⇤⇤ �21.14⇤⇤⇤

(4.57) (5.09) (5.39) (5.39) (4.93) (5.56)

N(observations) 1126 1126 1128 1128 1124 1124
N(respondents) 97 97 96 96 96 96

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. GDP per capita measured using World Bank net official development assistance received, constant 2020 US$, inverse-sine trans-
formed. Estimates are Average Component Interaction Effects. Columns labeled “Holm” control for the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. N.S.
indicates that an estimate’s p-value is above the Holm-Bonferroni threshold and is declared not significant. Estimates in bold indicate a significant difference across interaction
levels at ↵ = 0.05. Values are multiplied by 100 for ease of interpretation (coefficients represent change in the percentage chance of selection)

Respondent characteristics

Table E12: Respondent carbon pricing support

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading P_20% 6.12 6.12 12.04⇤⇤ 12.04⇤ 11.85⇤ 11.85+

(5.96) (10.14) (4.28) (5.35) (4.75) (6.95)
P_80% 10.43 10.43 9.04+ 9.04 13.05⇤ 13.05+

(6.42) (12.90) (5.06) (7.39) (5.43) (7.87)
Coverage: Broad P_20% 7.38+ 7.38 �23.81⇤⇤⇤ �23.81⇤⇤⇤ �7.13 �7.13

(4.27) (9.13) (5.14) (5.65) (5.28) (7.68)
P_80% 6.91 6.91 �23.86⇤⇤⇤ �23.86⇤⇤⇤ �7.00 �7.00

(5.12) (11.05) (5.05) (5.57) (4.47) (7.53)
Revenue use: Compensate vulnerable P_20% �5.66 �5.66 7.37+ 7.37 10.57+ 10.57

(5.16) (9.36) (4.24) (6.02) (5.84) (11.34)
P_80% �14.70⇤⇤ �14.70+ 13.30⇤ 13.30+ �2.88 �2.88

(5.66) (7.71) (5.46) (7.05) (6.36) (6.36)
Revenue use: Compensate population P_20% �16.88⇤⇤ �16.88⇤ 14.31⇤⇤ 14.31⇤ �10.46+ �10.46

(6.01) (8.00) (4.87) (6.15) (6.00) (11.23)
P_80% �24.13⇤⇤⇤ �24.13⇤⇤⇤ �0.92 �0.92 �21.87⇤⇤ �21.87⇤⇤

(5.72) (6.48) (5.95) (5.95) (6.73) (8.40)

N(observations) 1090 1090 1092 1092 1088 1088
N(respondents) 94 94 93 93 93 93

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Component Interaction Effects. Columns labeled “Holm” con-
trol for the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. N.S. indicates that an estimate’s p-value is above the
Holm-Bonferroni threshold and is declared not significant. Estimates in bold indicate a significant difference across interaction levels at
↵ = 0.05. Carbon pricing support using the first principle component of an index of four questions about the effectiveness, necessity,
feasibility, and flawed nature of carbon pricing (first component explains 73% of total variation). Values are multiplied by 100 for ease of
interpretation (coefficients represent change in the percentage chance of selection)
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Table E13: Location

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading Outside country �23.97⇤⇤ �23.97⇤ 16.65⇤⇤⇤ 16.65⇤⇤⇤ 14.36⇤⇤⇤ 14.36⇤⇤⇤

(8.79) (11.57) (2.46) (2.55) (2.58) (2.76)
Inside country 9.34⇤ 9.34 10.11⇤⇤ 10.11⇤ 12.94⇤⇤⇤ 12.94⇤⇤

(4.66) (6.97) (3.64) (4.41) (3.83) (4.45)
Coverage: Broad Outside country 34.28 34.28 �28.96 �28.96 �15.32 �15.32

(25.06) (36.13) (19.89) (27.42) (36.09) N.S.
Inside country 5.86 5.86 �23.71⇤⇤⇤ �23.71⇤⇤⇤ �7.41⇤ �7.41

(3.63) (5.87) (3.47) (3.60) (3.53) (5.05)
Revenue use: Compensate vulnerable Outside country �8.60 �8.60 58.65⇤⇤⇤ 58.65⇤⇤⇤ 55.54⇤⇤⇤ 55.54⇤⇤⇤

(22.87) (22.87) (7.34) (7.57) (0.44) (0.00)
Inside country �11.14⇤⇤ �11.14⇤ 8.49⇤ 8.49+ 1.52 1.52

(4.17) (5.38) (3.72) (4.64) (4.70) N.S.
Revenue use: Compensate population Outside country �62.40⇤⇤⇤ �62.40⇤⇤⇤ 61.67⇤⇤⇤ 61.67⇤⇤⇤ 11.44 11.44

(6.98) (0.00) (4.32) (0.00) (37.95) N.S.
Inside country �19.84⇤⇤⇤ �19.84⇤⇤⇤ 6.19 6.19 �16.89⇤⇤⇤ �16.89⇤⇤

(3.94) (4.27) (4.32) (5.86) (4.64) (5.37)

N(observations) 1126 1126 1128 1128 1124 1124
N(respondents) 97 97 96 96 96 96

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Component Interaction Effects. Respondent is “Inside country” if coun-
try of expertise is country of residence, “Outside country” otherwise. Columns labeled “Holm” control for the family-wise error rate at ↵ = 0.05
using the Holm-Bonferroni method. N.S. indicates that an estimate’s p-value is above the Holm-Bonferroni threshold and is declared not signifi-
cant. Estimates in bold indicate a significant difference across interaction levels at ↵ = 0.05. Values are multiplied by 100 for ease of interpretation
(coefficients represent change in the percentage chance of selection)

Table E14: Government or non-government position

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading Non-government 8.68 8.68 17.70⇤⇤⇤ 17.70⇤⇤⇤ 14.16⇤⇤⇤ 14.16⇤⇤

(5.39) (10.97) (3.92) (4.34) (4.13) (4.95)
Government 8.33 8.33 �8.00 �8.00 8.97 8.97

(8.55) (34.68) (6.61) (13.47) (7.70) (12.94)
Coverage: Broad Non-government 8.04+ 8.04 �24.89⇤⇤⇤ �24.89⇤⇤⇤ �9.23⇤ �9.23

(4.27) (7.73) (4.11) (4.35) (4.24) (6.85)
Government 3.16 3.16 �20.21⇤⇤ �20.21⇤ �3.48 �3.48

(6.81) (13.18) (6.61) (7.98) (6.30) (6.30)
Revenue use: Compensate vulnerable Non-government �12.45⇤ �12.45+ 13.21⇤⇤ 13.21⇤ 11.42⇤ 11.42

(5.11) (7.32) (4.25) (5.22) (5.37) (8.47)
Government �8.01 �8.01 0.61 0.61 �16.98⇤ �16.98

(7.26) (33.36) (7.25) (7.25) (8.20) (12.59)
Revenue use: Compensate population Non-government �17.64⇤⇤⇤ �17.64⇤⇤ 13.51⇤⇤ 13.51⇤ �9.85+ �9.85

(4.91) (5.79) (5.05) (6.23) (5.71) (8.64)
Government �26.91⇤⇤⇤ �26.91⇤⇤⇤ �9.37 �9.37 �33.00⇤⇤⇤ �33.00⇤⇤⇤

(5.80) (6.42) (7.05) (15.77) (6.91) (7.61)

N(observations) 1126 1126 1128 1128 1124 1124
N(respondents) 97 97 96 96 96 96

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Component Interaction Effects. Columns labeled “Holm” control for
the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. N.S. indicates that an estimate’s p-value is above the Holm-Bonferroni
threshold and is declared not significant. Estimates in bold indicate a significant difference across interaction levels at ↵ = 0.05. Values are mul-
tiplied by 100 for ease of interpretation (coefficients represent change in the percentage chance of selection)
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Table E15: Career stage

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading 1–10 years 31.37⇤⇤ 31.37+ 9.02 9.02 27.22⇤⇤ 27.22+

(10.99) (16.14) (11.77) N.S. (9.98) (16.33)
11–20 years 8.89 8.89 8.01+ 8.01 12.80⇤⇤ 12.80

(6.09) N.S. (4.25) (14.91) (4.95) (8.57)
21–30 years �2.20 �2.20 20.76⇤⇤ 20.76⇤ 12.83+ 12.83

(10.15) N.S. (7.16) (10.35) (7.07) (61.92)
More than 30 years �8.72 �8.72 �16.75 �16.75 �0.48 �0.48

(13.46) N.S. (17.17) N.S. (17.50) N.S.
Coverage: Broad 1–10 years 8.58 8.58 �34.42⇤⇤⇤ �34.42⇤⇤⇤ 3.39 3.39

(8.57) N.S. (7.29) (8.32) (6.87) N.S.
11–20 years 13.11⇤ 13.11 �21.29⇤⇤⇤ �21.29⇤⇤⇤ �6.26 �6.26

(5.11) (8.29) (4.95) (5.79) (5.27) N.S.
21–30 years �4.19 �4.19 �27.66⇤⇤⇤ �27.66⇤⇤⇤ �14.60⇤ �14.60

(5.98) N.S. (4.92) (5.40) (7.08) (22.15)
More than 30 years 1.27 1.27 �32.07⇤ �32.07 �17.97 �17.97

(11.92) N.S. (15.87) (45.10) (13.46) N.S.
Revenue use: Compensate vulnerable 1–10 years �11.83 �11.83 �4.57 �4.57 13.89 13.89

(8.70) N.S. (9.99) N.S. (15.64) N.S.
11–20 years �3.48 �3.48 17.96⇤⇤⇤ 17.96⇤⇤ 6.60 6.60

(6.29) N.S. (5.04) (6.35) (6.46) N.S.
21–30 years �26.88⇤⇤⇤ �26.88⇤⇤ 2.36 2.36 �1.82 �1.82

(7.66) (9.85) (7.77) N.S. (9.72) N.S.
More than 30 years 4.64 4.64 5.72 5.72 �13.66 �13.66

(9.83) N.S. (11.28) N.S. (9.65) N.S.
Revenue use: Compensate population 1–10 years �37.66⇤⇤⇤ �37.66⇤⇤ 19.07+ 19.07 �7.20 �7.20

(10.25) (12.93) (10.16) (35.48) (13.04) N.S.
11–20 years �16.39⇤⇤ �16.39⇤ 9.70 9.70 �17.23⇤⇤ �17.23+

(5.38) (7.55) (6.00) (50.23) (5.96) (9.22)
21–30 years �26.05⇤⇤⇤ �26.05⇤⇤ �1.68 �1.68 �16.65+ �16.65

(6.94) (8.71) (8.23) N.S. (10.08) N.S.
More than 30 years 9.14 9.14 �11.21 �11.21 �13.94 �13.94

(17.12) N.S. (19.61) N.S. (15.51) N.S.

N(observations) 1072 1072 1070 1070 1066 1066
N(respondents) 91 91 90 90 90 90

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Component Interaction Effects. Columns labeled “Holm” control for the
family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. N.S. indicates that an estimate’s p-value is above the Holm-Bonferroni thresh-
old and is declared not significant. Estimates in bold indicate a significant difference across interaction levels at ↵ = 0.05. Values are multiplied by
100 for ease of interpretation (coefficients represent change in the percentage chance of selection)
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Table E16: Gender

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument: Emissions trading Male 8.26 8.26 8.33+ 8.33 15.54⇤⇤⇤ 15.54⇤⇤

(6.09) (21.45) (4.71) (7.30) (4.57) (5.59)
Female 8.42 8.42 11.94⇤ 11.94 11.81+ 11.81

(7.30) (21.87) (5.67) (9.57) (6.54) (14.83)
Coverage: Broad Male 6.73 6.73 �27.14⇤⇤⇤ �27.14⇤⇤⇤ �7.36+ �7.36

(4.18) (10.85) (3.95) (4.13) (4.31) (9.49)
Female 8.17 8.17 �23.29⇤⇤⇤ �23.29⇤⇤⇤ �9.00 �9.00

(6.50) (21.21) (5.93) (6.78) (6.57) (21.39)
Revenue use: Compensate vulnerable Male �15.20⇤⇤ �15.20⇤ 10.32⇤ 10.32 3.94 3.94

(5.36) (7.10) (4.92) (8.27) (6.20) N.S.
Female �0.90 �0.90 10.90+ 10.90 3.58 3.58

(6.97) (6.97) (5.87) (9.55) (7.47) N.S.
Revenue use: Compensate population Male �24.62⇤⇤⇤ �24.62⇤⇤⇤ 8.43 8.43 �18.50⇤⇤ �18.50⇤

(4.88) (5.32) (5.21) (7.39) (5.89) (7.35)
Female �11.92+ �11.92 4.77 4.77 �10.12 �10.12

(6.71) (15.87) (7.75) (7.75) (7.35) (24.06)

N(observations) 1072 1072 1070 1070 1066 1066
N(respondents) 91 91 90 90 90 90

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Component Interaction Effects. Columns labeled “Holm” con-
trol for the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. N.S. indicates that an estimate’s p-value is above the
Holm-Bonferroni threshold and is declared not significant. Estimates in bold indicate a significant difference across interaction levels at
↵ = 0.05. Values are multiplied by 100 for ease of interpretation (coefficients represent change in the percentage chance of selection)
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Online Appendix F: Additional robustness checks

Robustness to conjoint profile order

Each respondent was exposed to a random set of six pairs of conjoint profiles. Here, we

control for the order in which a given profile was presented to the respondent. Table F1

demonstrates that our results remain robust to conjoint profile order.

Table F1: Effective, Feasible, and Propose AMCEs (controlling for profile order)

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument Emissions trading 8.50+ 8.50 10.08⇤⇤ 10.08⇤ 12.53⇤⇤⇤ 12.53⇤⇤

(4.59) (5.58) (3.56) (4.84) (3.72) (4.50)
Coverage Broad 5.63 5.63 �23.60⇤⇤⇤ �23.60⇤⇤⇤ �8.21⇤ �8.21+

(3.69) (3.70) (3.54) (3.73) (3.62) (4.88)
Revenue use Compensate vulnerable �14.10⇤⇤ �14.10⇤⇤ 10.54⇤ 10.54+ 0.18 0.18

(4.63) (5.23) (4.14) (5.94) (5.22) (5.22)
Compensate population �27.02⇤⇤⇤ �27.02⇤⇤⇤ 8.21 8.21 �22.29⇤⇤⇤ �22.29⇤⇤

(5.33) (5.84) (5.91) (37.28) (6.26) (7.50)

N(observations) 1126 1126 1128 1128 1124 1124
N(respondents) 97 97 96 96 96 96

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Marginal Component Effects. Columns labeled “Holm”
control for the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. Values are multiplied by 100 for ease of inter-
pretation (coefficients represent change in the percentage chance of selection)

Robustness to respondent covariates

Here, we include respondent covariates for gender, location, position, and years of experience

as controls in our models. Table F2 demonstrates that our results remain robust to the

inclusion of respondent covariates.

24



Table F2: Effective, Feasible, and Propose AMCEs (controlling for respondent gender, loca-

tion, position, and years of experience)

Effective Feasible Propose

Uncorrected Holm Uncorrected Holm Uncorrected Holm

Instrument Emissions trading 8.22+ 8.22 9.74⇤⇤ 9.74+ 14.11⇤⇤⇤ 14.11⇤⇤

(4.78) (20.01) (3.71) (5.83) (3.82) (4.73)
Coverage Broad 7.43⇤ 7.43 �26.06⇤⇤⇤ �26.06⇤⇤⇤ �7.88⇤ �7.88

(3.59) (8.55) (3.34) (3.49) (3.70) (8.15)
Revenue use Compensate vulnerable �10.15⇤ �10.15 10.78⇤⇤ 10.78+ 3.97 3.97

(4.38) (8.37) (3.84) (5.72) (4.87) (Inf)
Compensate population �20.21⇤⇤⇤ �20.21⇤⇤⇤ 7.37+ 7.37 �15.51⇤⇤⇤ �15.51⇤

(4.07) (4.54) (4.37) (33.30) (4.71) (6.17)

N(observations) 1072 1072 1070 1070 1066 1066
N(respondents) 91 91 90 90 90 90

Notes: +p<0.10, *p<0.05, **p<0.01, ***p<0.001. Estimates are Average Marginal Component Effects. Columns labeled “Holm”
control for the family-wise error rate at ↵ = 0.05 using the Holm-Bonferroni method. Values are multiplied by 100 for ease of inter-
pretation (coefficients represent change in the percentage chance of selection)
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